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Package: sklearn.linear_model
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Function(s)
LinearRegression(fit_intercept=True)

LogisticRegression( fit_intercept=True,
penalty="12"', C=1.0)

LassoCV(), RidgeCV()

model. fit(X, y)
model.predict(X)

model.predict_proba(X)

model. coef_

model. intercept_
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Description
Returns an ordinary least squares Linear Regression model.

Returns an ordinary least squares Linear Regression model.
Hyperparameter C is inverse of regularization parameter, C = 1/A.

Returns a Lasso (L1 Regularization) or Ridge (L2 regularization) linear
model, respectively, and picks the best model by cross validation.

Fits the scikit-learn model to the provided X and y.
Returns predictions for the X passed in according to the fitted model.

Returns predicted probabilities for X according to the fitted model. If
binary classes, will return probabilities for both class 0 and 1.

Estimated coefficients for the linear model, excluding the intercept.

Bias/intercept term of the linear model. Set to 0.0 if
fit_intercept=False.



Package: sklearn.model_selection

Function Description

Returns two random subsets of each array passed in, with 0.8 of the array

train_test_split(xarrays, test_size=0.2)
in the first subset and 0.2 in the second subset.

Gradient Descent Update Rule

Gradient Descent
For a learning rate o, the gradient update step is:

6t = 91 — o V,L(01)

where VyL(0%) is the partial derivative/gradient of L with respect to 6, evaluated at ().



